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Dataset Aggregation
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Non-Markovian behavior

How can we use the whole history?

shared weights

o B 0 RNN state
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Non-Markovian behavior

Causal Confusion in Imitation Learning NIPS 2019

Scenario A: Full Information Scenario B: Incomplete Information

policy attends to brake indicator policy attends to pedestrian

Figure 1: Causal misidentification: more information yields worse imitation learning performance. Model A
relies on the braking indicator to decide whether to brake. Model B instead correctly attends to the pedestrian.
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Multimodal behavior

* Handling multimodal behavior
* Qutput mixture of Gaussians
* Latent variable models
* Autoregressive discretization
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Multimodal behavior

learning real manipulation tasks from virtual demonstrations using LSTM
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Virtual world: training the network
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Physical world: inference from the network
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Multimodal behavior

learning real manipulation tasks from virtual demonstrations using LSTM
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Limited Data
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